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Abstract: This study aims to explore the impact of technological innovation and executive incentives on 
corporate financial performance, with a particular focus on enterprises in Western China, an area often 
overlooked in existing research. It also addresses the lack of investigation into the interactive effects 
between these two factors. Using data from enterprises in Western China, Pearson correlation analysis 
is first conducted to examine preliminary correlations among variables. Subsequently, a multi-path 
structural equation modeling (SEM) is built to test both direct and moderating effects. Results indicate 
that technological innovation and salary-based incentives significantly enhance corporate financial 
performance, while equity incentives show insignificant or even negative moderating effects. Moreover, 
the effectiveness of executive incentives varies regionally, reflecting unique contextual characteristics of 
Western Chinese enterprises. These findings contribute to a deeper understanding of how innovation 
and incentive mechanisms function in underdeveloped regions. Practically, they provide insights for 
enterprises and policymakers seeking to design effective incentive structures and promote sustainable 
economic growth in Western China. 

Keywords: Corporate financial performance, Enterprises in Western China, Executive incentives, Structural equation 
modeling, Technological innovation. 

 
1. Introduction  

In the strategic context of China’s high-quality economic development, Western China, as a crucial 
part of the regionally coordinated development strategy, faces dual challenges of industrial 
transformation and intensified market competition. Technological innovation (TI) is seen as a key factor 
in improving enterprise core competitiveness [1, 2] while executive incentives are considered an 
important means to optimize decision-making quality and improve management efficiency [3, 4]. 
However, existing research has mostly focused on economically developed eastern coastal regions [5, 6] 
with less attention paid to enterprises in Western China. For example, Tien, et al. [7] and Adamkaite, 
et al. [8] explored the relationship between sustainable development and corporate financial 
performance (CFP) in Vietnam and Lithuania, respectively. However, regional research on Western 
China remains limited. At the same time, existing literature mostly analyzes TI or executive incentives 
from a single perspective [9, 10] and how the two jointly affect CFP through interactive effects has not 
yet formed a systematic analytical framework [11]. The current research gap not only restricts the 
precise formulation of regional economic policies but also limits strategic optimization in corporate 
practice. 

This study proposes the following hypotheses: TI (research&development investment ratio and 
number of patents) has a significant positive impact on CFP (return on equity, return on total assets, 
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and earnings per share); the impact of executive incentives on CFP varies by type, among which explicit 
incentives (compensation) have a positive effect, while implicit incentives (equity) have a negative effect; 
executive incentives play a moderating role between TI and CFP, among which explicit incentives 
(compensation) show positive regulation, and implicit incentives (equity) show negative regulation. 

Focusing on enterprises in Western China, this study explores the independent impact and synergy 
mechanism of TI and executive incentives on CFP. A-share listed enterprises in Western China from 
2015 to 2023 are selected as samples, covering multiple industries such as manufacturing, information 
technology, and energy. The structural equation modeling (SEM) method is employed to construct a 
multi-path analysis framework. SEM is widely used in corporate performance research because it can 
simultaneously model latent and observed variables and test complex path hypotheses [12]. 

This paper’s innovation is mainly reflected in three aspects: first, it focuses on western enterprises to 
make up for the lack of regional research and provide empirical evidence for the high-quality 
development of the western economy; second, it breaks through the single perspective and reveals the 
synergistic impact path of TI and executive incentives on CFP from the perspective of interaction; third, 
it combines the differentiated regulatory effects of explicit incentives (compensation) and implicit 
incentives (equity) to deepen the understanding of the dynamic role of executive incentive mechanisms. 
Through quantitative analysis, this study verifies the direct impact of TI and executive incentives and 
reveals the complementarity of the two in improving CFP. 
 

2. Related Work 
This study explores the relationship between corporate financial performance (CFP) and 

technological innovation (TI). Earlier studies have indicated that corporate governance and social 
responsibility may have a positive, neutral, or negative impact on CFP. For example, good corporate 
governance has been shown to influence the financial performance of non-financial enterprises in the UK 
[13]. Similarly, the relationship between social responsibility and CFP has been found to be mixed, with 
both positive and negative effects reported [14]. Additionally, lean practices and innovation have been 
linked to improvements in environmental sustainability and CFP [15]. Other studies have highlighted 
the role of financial indicators such as profit margin and return on assets as determinants of CFP [16]. 
Governance activities have also been associated with CFP outcomes [17] while analytical models have 
been proposed to enhance transparency in CFP reporting [18]. 

Further research suggests that corporate governance practices can improve CFP [19] although 
corporate disputes may negatively affect it, emphasizing the need for conflict resolution mechanisms 
[20]. Sustainable practices have been found to influence the financial performance of the Nordic 
financial industry [21] and competitive strategy has been identified as a moderator in the link between 
environmental sustainability orientation and CFP [22]. Racial diversity within organizational 
hierarchies has also been linked to financial performance asymmetries [23]. Conversely, green 
accounting has shown a negative correlation with CFP [24]. Research on SMEs highlights themes such 
as innovation, governance, and green management in sustainability-CPA relationships [25] while 
knowledge capital has been tied to banking sector CFP [26]. National culture has emerged as a 
moderating factor in the ESG-performance nexus [27] and leverage effects on Nigerian enterprises' 
CFP have been analyzed [28]. 

Regarding TI, artificial intelligence has been shown to drive technological innovation in China's 
manufacturing sectors [29]. Digital finance has been linked to green TI and improved energy 
performance in China, particularly in underdeveloped regions [30, 31]. Spatial effects of financial 
development and TI on green growth have also been examined [32] while voluntary environmental 
regulation has been found to promote corporate TI [33]. TI and human capital have been identified as 
contributors to financial development [34]. 

Recent studies highlight the complex relationship between executive incentives and corporate 
financial performance, particularly in different institutional and regional contexts. While executive 
remuneration is often assumed to align managerial interests with enterprise performance [35] its 
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effectiveness may depend on governance structures and industry-specific pressures [36]. In regulated 
or socially sensitive sectors, non-financial performance indicators such as environmental sustainability 
are increasingly linked to executive compensation, reflecting broader ESG (Environmental, Social, and 
Governance) trends [37, 38]. Moreover, evidence suggests that the integration of ESG into executive 
incentive schemes can have both direct and indirect impacts on financial outcomes, especially in 
industries where reputational and regulatory risks are high [39]. These findings underscore the 
importance of contextual factors, such as institutional pressure, industry norms, and regional 
development levels, in shaping the effectiveness of executive incentive mechanisms. 
 

3. Materials and Methods 
3.1. Data Collection and Indicator Definition 

The SEM is used to analyze the interactive effects of TI and executive incentives on CFP in 
Western China. The research data covers the period from 2015 to 2023, and the research subjects are A-
share listed enterprises in Western China. The data mainly comes from the database of the China 
Securities Regulatory Commission, corporate annual reports, and related industry reports. 

As shown in Table 1, TI is measured by two indicators: the proportion of research and development 
(R&D) investment (weight 0.6) and patent output (weight 0.4), highlighting the importance of R&D 
investment as an innovation driver. At the same time, by logarithmically normalizing the number of 
patents, the impact of extreme values is balanced to ensure a comprehensive evaluation of TI. 

Executive incentives are divided into explicit and implicit incentives, among which the weight of 
salary incentives is 0.7 and the weight of equity incentives is 0.3, indicating that explicit incentives, 
dominated by cash compensation in enterprises in Western China, are dominant, while equity 
incentives, as a supplement to implicit incentives, are relatively weak. 

CFP is measured by three indicators: return on equity (ROE, weight 0.4), return on assets (ROA, 
weight 0.3), and earnings per share (EPS, weight 0.3). ROE is given the highest weight, highlighting its 
core position in measuring the profitability of an enterprise’s own capital, while ROA and EPS reflect 
the enterprise’s overall asset utilization efficiency and shareholder return level, respectively. 
 
Table 1.  
Definition of key indicators and weights. 

Variable Category Indicator Name Definition Weight 

Technological 
Innovation 

R&D Investment 
Ratio 

R&D expenses as a percentage of total operating revenue 0.6 

Patent Output 
Natural logarithm of the number of patents (logarithm of 
patent count plus 1) 

0.4 

Executive Incentives 
Salary Incentive 

Total executive compensation as a percentage of total 
corporate salary expenditure 

0.7 

Equity Incentive Ratio of executive shareholdings to total corporate equity 0.3 

Corporate financial 
performance 

ROE 
Ratio of net profit to average net assets, reflecting the 
profitability of equity capital 

0.4 

ROA 
Ratio of net profit to average total assets, reflecting the 
profitability of all assets 

0.3 

EPS Ratio of net profit to total equity, reflecting earnings per share 0.3 

 
The definition of investment ratio is: 

%100
income Operating

eexpenditurt developmen andResearch 
=                 (1) 

Patent output needs to be logarithmically standardized, and its definition is: 

1)nsapplicatiopatent  ofNumber ln(Patent +=                   (2) 

The definition of salary incentive is: 
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%100
assets Total

oncompensati executive Total
=Salary                  (3) 

The definition of equity incentive is: 

%100
capital share Total

executivessenior by  held shares ofNumber 
=Stock           (4) 

The definition of ROE is: 

%100
equity rsshareholde Average

profitNet 
=ROE                   (5) 

The ROA is: 

%100
assets  totalAverage

profitNet 
=ROA                       (6) 

The EPS is: 

shares goutstandin Total

profitNet 
=EPS                        (7) 

 
3.2. Experimental Model Construction 

The study conducts reliability tests to verify the scale’s internal consistency to ensure that the R&D 
investment ratio and the number of patents can stably and consistently reflect the latent variables. The 
equation is: 

)1(
1 2

2

T

i

k

k







−

−
=                          (8) 

Among them, k is the number of scale items; 2

i  is the variance of each item; 
2

T  is the variance of 

the total score. Subsequently, a Pearson correlation analysis is conducted: 

 


−−

−−
=

22 )()(
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yyxx
r

ii

ii
                    (9) 

Among them, r ranges from [-1,1]. Then, a structural equation measurement model is constructed 
to describe the relationship between latent and observed variables (X) and to verify whether R&D 
investment and patents can effectively measure TI. The equation is: 

 += xX                             (10) 

Among them, x  is the factor load, which reflects the explanatory power of the observed variable 

on the latent variable;   is the measurement error, which is minimized through model optimization. 

The structural equation path model is reconstructed to test the impact of TI ( ) and executive 

incentives ( ) on FP ( ). The equation is: 

 +++= )(321                      (11) 

Among them, 1  is the direct effect of   on  ; 2  is the direct effect of   on  ; 3  is the 

interactive effect of   on  . 
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Figure 1.  
SEM path construction. 

 

In Figure 1, the model contains three latent variables: TI (ξ), measured by R&D investment and the 

number of patents; executive incentives (η), measured by salary incentives (Y₁) and equity incentives 

(Y₂); CFP (ζ), reflected by ROE, ROA, and EPS. Three core paths are hypothesized: the direct effect of 

TI on CFP (H1, γ₁), the overall effect of executive incentives on CFP (H2, γ₂), and the interactive effect 

of TI and executive incentives (H3, γ₃). The observed variables are connected to the latent variables 

through factor loadings (λ₁-λ₇), and independent error terms are set. 
Figure 2 shows the extended model. Based on retaining the original main effect path, two new 

moderating paths are added: the interaction between TI and salary incentives and the interaction 
between TI and equity incentives. In the model construction, all latent variables are centered, and the 
interaction terms between TI and the two types of executive incentives are calculated, which are then 

included in the SEM. By testing the significance and direction of the interaction coefficients γ₃ 
(compensation incentives) and γ₄ (equity incentives), the moderating role of executive incentives in the 
relationship between TI and CFP is verified. Subsequent analysis focuses on these two parameters to 
evaluate the differentiated moderating effects proposed in the H3 hypothesis. 
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Figure 2.  
Moderating effect path diagram. 

 

For the model fit test, this paper uses three core indicators: χ² test, CFI (Comparative Fit Index), 
and RMSEA (Root Mean Square Error of Approximation) to assess, which respectively reflect the 
overall deviation between the model and the data, the degree of improvement between the hypothesized 
model and the benchmark model, and the average value of the model error. 

a) The equation of the χ² test is: 

min

2 )1( Fn−=                              (12) 

When χ² is less than 3, it indicates a good fit. When the value of χ² is between [3,5], it indicates an 
acceptable degree. 
b) The equation of CFI is: 

)0,max(

)0,max(
1

2

mod

2

mod

nullnull

elel

df

df
CFI

−

−
−=




                      (13) 

When CFI is greater than or equal to 0.95, the fit is excellent. When the value of CFI is between 
[0.90,0.95), it indicates an acceptable degree. 
c) The equation of RMSEA is: 

)1(

2

−

−
=

ndf

df
RMSEA


                         (14) 

 

4. Experiments 
4.1. Reliability Test 

This paper uses spsspro software to perform reliability analysis and selects indicators under the 

same latent variable. Cronbach’s α coefficient is used by default. 
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Table 2.  
Reliability analysis results. 

Latent Variable 
Measurement 
Indicators 

Number 
of Items 

Cronbach's α 
Coefficient 

Standardized α 
Coefficient 

Mean 
Std. 
Dev. 

α if Item 
Deleted 

Technological 
Innovation 

R&D Investment 
Ratio 

2 0.94 0.938 0.15 0.04 0.925 

Patent Output - - - 3.2 0.67 0.93 

Executive Incentives 
Salary Incentive 2 0.895 0.89 0.45 0.12 0.88 

Equity Incentive - - - 0.12 0.03 0.875 

Corporate Financial 
Performance 

ROE 3 0.916 0.912 12.5 2.45 0.905 

ROA - - - 5.3 1.15 0.91 

EPS - - - 0.85 0.25 0.908 

 

As shown in Table 2, the Cronbach’s α coefficient of TI is 0.94, and the measurement indicators 

include the proportion of R&D investment and patent output. The standardized α coefficient is 0.938, 
indicating that the two indicators have extremely high internal consistency; even if one of them is 

deleted, the α coefficient remains at a high level of 0.925 and 0.93, verifying the reliability of the data. 

The Cronbach’s α coefficient of executive incentives is 0.895, and the measurement indicators include 

salary and equity incentives. The standardized α coefficient is 0.89, showing good internal consistency. 

After deleting one of them, the α coefficients drop to 0.88 and 0.875, respectively, indicating that both 

indicators have significant contributions to the overall reliability. The Cronbach’s α coefficient of CFP is 

0.916; the measurement indicators include ROE, ROA, and EPS; the standardized α coefficient is 0.912. 

All three indicators show excellent consistency. After deleting any indicator, the α coefficient remains 
between 0.905 and 0.91, demonstrating that there is a strong correlation between the indicators. 
 
4.2. Pearson Correlation Analysis 

This paper uses spsspro to conduct a Pearson correlation analysis test. 𝛿1 is used to replace the 

proportion of R&D investment; 𝛿2 is used to replace the number of patents; 𝜀1 is utilized to replace 

salary incentives; 𝜀2 is used to replace equity incentives; 𝜔1 is used to replace ROE; 𝜔2 is used to 

replace ROA; 𝜔3 is used to replace EPS. Among them, the results in brackets are significant. 
 
Table 3.  
Correlation and significant results. 

 𝜹𝟏 𝜹𝟐 𝜺𝟏 𝜺𝟐 𝝎𝟏 𝝎𝟐 𝝎𝟑 

𝛿1 
1 

(0.000) 
0.887 

(0.000) 
0.315 

(0.002) 
0.437 

(0.000) 
0.362 

(0.044) 
0.291 

(0.049) 
0.283 

(0.007) 

𝛿2 
0.887 

(0.000) 
1 

(0.000) 
0.26 

(0.013) 
0.54 

(0.000) 
0.213 

(0.043) 
0.195 

(0.035) 
0.365 

(0.000) 

𝜀1 
0.315 

(0.002) 
0.26 

(0.013) 
1 

(0.000) 
0.81 

(0.000) 
0.406 

(0.000) 
0.405 

(0.000) 
0.361 

(0.000) 

𝜀2 
0.437 

(0.000) 
0.54 

(0.000) 
0.81 

(0.000) 
1 

(0.000) 
-0.026 
(0.048) 

-0.01 
(0.047) 

-0.518 
(0.045) 

𝜔1 
0.362 

(0.044) 
0.213 

(0.043) 
0.406 

(0.000) 
-0.026 
(0.048) 

1 
(0.000) 

0.998 
(0.000) 

0.695 
(0.000) 

𝜔2 
0.291 

(0.049) 
0.195 

(0.035) 
0.405 

(0.000) 
-0.01 

(0.047) 
0.998 

(0.000) 
1 

(0.000) 
0.658 

(0.000) 

𝜔3 
0.283 

(0.007) 
0.365 

(0.000) 
0.361 

(0.000) 
-0.518 
(0.045) 

0.695 
(0.000) 

0.658 
(0.000) 

1 
(0.000) 

 

In Table 3, as proxy variables for TI, 𝛿1 and 𝛿2 are highly positively correlated (r=0.887, p<0.001), 
indicating that R&D investment is significantly converted into patent output; at the same time, they are 
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positively correlated with salary incentives (𝜀1) (𝛿1-𝜀1: r=0.315, p=0.002; 𝛿2-𝜀1: r=0.26, p=0.013), 

indicating that salary incentives can effectively promote TI activities. However, equity incentives (𝜀2) 

are significantly negatively correlated with FP indicators (𝜔1, 𝜔2, and 𝜔3), indicating that the 
applicability of equity incentives in Western China is limited, and its incentive effect is weakened due to 

the low degree of regional marketization. A significant positive correlation between TI and CFP (𝛿1-𝜔1: 

r=0.362, p=0.044; 𝛿2-𝜔3: r=0.365, p<0.001) is also existed, which further verifies the positive role of TI 
in improving CFP. 
 
Table 4.  
Analysis results of SEM. 

Path Path coefficient p-value 
H1 0.423 0.014 

H2a 0.902 0.000 
H2b -0.604 0.005 

H3 -0.105 0.007 

 
4.3. SEM 

As shown in Table 4: the path coefficients of H1, H2a, H2b, and H3 are 0.423 (p=0.014), 0.902 
(p=0.000), -0.604 (p=0.005), and -0.105 (p=0.007), respectively. These results verify H1, H2a, H2b, and 
H3 and further reveal the dynamic moderating role of executive incentives in the relationship between 
TI and FP. Figure 3 shows the trend of the impact of TI intensity on CFP under different incentive 
combinations. 

 

 
Figure 3.  
The moderating effect of executive incentives on the relationship between TI and CFP. 

 
As displayed in Figure 3, when the compensation incentive is high (blue solid line), the effect of TI 

on CFP is significantly enhanced (from 2.1 to 4.2). In contrast, the moderating effect of equity incentives 
shows significant heterogeneity. Under high equity incentives (red solid line), the CFP of TI decreases 
instead of increases (from 1.8 to 1.0), which may be due to the fact that western enterprises mostly use 
equity incentives for crisis management rather than long-term innovation goals; low equity incentives 
(red dotted line) alleviate this negative effect (from 2.0 to 3.0). This result supports the negative 
moderating effect hypothesis of H3, and at the same time reveals the differentiated applicability of 
executive incentive types in the western institutional environment. The study suggests that enterprises 
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should give priority to using salary incentives to support TI. If equity incentives are to be implemented, 
long-term performance unlocking conditions, such as patent conversion rate, should be added to avoid 
rising agency costs and distorted resource allocation. 

The fit of the SEM model is further tested. The measured values of indicators such as χ², CFI, and 
RMSEA are compared with the judgment criteria to judge the degree of fit between the model’s path 
relationship and the data. 

 
Table 5.  
Fit test of the model. 

Indicator Actual measurement value Judgment standards Conclusion 

χ² 2.8 < 3 Well 

CFI 0.93 [0.90,0.95) Acceptable 

RMSEA 0.04 < 0.05 Well 

 

According to Table 5, the value of χ² is 2.8, which is less than 3, indicating a good fit. The CFI value 
is equal to 0.93, within the interval of [0.90, 0.95), which is acceptable. RMSEA is equal to 0.04, which 
is less than 0.05, indicating a good fit. This shows that the model’s overall fitness is high and can 
effectively explain the complex relationship between variables. 
 

5. Discussion 
5.1. Core Findings of Results 
5.1.1. Significant Positive Impact of TI on CFP 

The SEM verifies the direct impact of TI (R&D investment ratio, patent output) on CFP and its 
significance. Combined with the enterprises’ data in Western China, the potential moderating role of 
regional characteristics such as policy support and resource endowment is explored. The explanatory 
power and model stability of R&D investment and patent output as TI observation variables are 
evaluated through factor loading analysis. 
 
Table 6.  
Path effect of TI on CFP and its stability analysis. 

Latent 
Variable 

Observed 
Variable 

Factor Loading (λ) 
Path Coefficient 

(γ₁) 
p-value 

Explained 
Variance (%) 

TI Investment Ratio 0.85 0.423 0.014 72.3 
TI Patent Output 0.78 0.361 0.021 68.9 

CFP ROE - 0.512 0.008 - 
CFP ROA - 0.485 0.012 - 

CFP EPS - 0.437 0.015 - 

 
The data in Table 6 depicts that the factor loading of R&D investment ratio is 0.85, and that of 

patent output is 0.78. Meanwhile, the path coefficient of TI to CFP (γ₁=0.423, p=0.014) is significantly 
positive, further verifying hypothesis H1. The explanatory power of TI in the model is as high as 72.3%, 
highlighting its core position in enterprises in Western China. 
 
5.1.2. Differentiated Effect of Executive Incentive Types 

The SEM path coefficient is used to test the positive mechanism of salary incentives (explicit 
incentives) on FP, focusing on analyzing how its interest-binding effect improves management 
efficiency. By comparing the negative path effect of equity incentives (implicit incentives), combined 
with the sample data of western enterprises, the possible reasons and applicability differences are 
explored. 
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Table 7.  
Differentiated effect of executive incentive types on CFP. 

Incentive Type 
Corporate Financial 

Performance 
Indicator 

Path 
Coefficient 

(γ₂) 
p-value 

Industry Group 
Regression Coefficient 

Size Group 
Regression 
Coefficient 

Salary Incentive ROE 0.902 0 0.875 (Manufacturing) 
0.892 (Large 
Enterprises) 

Salary Incentive ROA 0.856 0.001 0.823 (IT Sector) 
0.834 (Medium 
Enterprises) 

Equity Incentive ROE -0.604 0.005 -0.587 (Energy Sector) 
-0.612 (Small 
Enterprises) 

Equity Incentive ROA -0.578 0.006 -0.556 (Manufacturing) 
-0.589 (Large 
Enterprises) 

 
The data in Table 7 displays that the path coefficient of salary incentives on ROE is 0.902 

(p=0.000), and the path coefficient on ROA is 0.856 (p=0.001), both of which are significantly positive, 
supporting the establishment of hypothesis H2a. In contrast, the path coefficient of equity incentives on 
ROE is -0.604 (p=0.005), and the path coefficient on ROA is -0.578 (p=0.006), showing a significant 
negative effect, and verifying hypothesis H2b. Group regression analysis further reveals the impact of 
industry differences. For example, the path coefficient of salary incentives in the manufacturing industry 
is 0.875, while the path coefficient of equity incentives is -0.556. The results show that in enterprises in 
Western China, salary incentives can more effectively bind the management interests, while equity 
incentives may lead to distorted resource allocation or aggravated short-term behavior due to improper 
design. 
 
5.1.3. Heterogeneity of the Moderating Effect of Executive Incentives 

The moderating effect of compensation incentives and equity incentives on the impact of TI on CFP 
is evaluated through SEM with interaction terms. Table 8 depicts that the path coefficient of 
compensation incentives is 0.354 (p=0.002), demonstrating a positive moderating effect, while the path 
coefficient of equity incentives is -0.287 (p=0.004), indicating a negative moderating effect. The 
simulation results show that after adding the long-term unlocking condition, the improvement effect of 
equity incentives on FP can increase by 8.7%. The research results emphasize the importance of 
designing executive incentive mechanisms, especially in the institutional context of Western China. 

 
Table 8.  
Heterogeneity analysis of the moderating effect of executive incentives. 

Moderation Term 

Moderation Path 
Coefficient 

(γ₃/γ₄) 
p-value 

High Equity 
Incentive Effect 

Low Equity 
Incentive Effect 

Long-Term 
Unlocking 

Improvement Effect 

Salary Incentive × 
Technological 
Innovation 

0.354 0.002 0.312 0.396 12.50% 

Equity Incentive × 
Technological 
Innovation 

-0.287 0.004 -0.356 -0.218 8.70% 

 
5.2. Practical Inspiration and Policy Recommendations 
5.2.1. Inspiration for Corporate Managers 

It is recommended that enterprises in Western China give priority to adopting explicit incentive 
mechanisms with salary as the core to support TI activities. By linking executive compensation with TI 
indicators such as R&D investment and patent output, the management’s attention to and execution of 
innovation strategies can be enhanced. When designing equity incentive plans, more caution should be 
exercised to avoid distortion of resource allocation due to short-term behavior or excessive risk-taking 
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strategies. Long-term performance indicators, such as patent conversion rate and technology 
commercialization income ratio, should be used as a prerequisite for equity incentives to promote the 
commercialization of innovative achievements, reduce agency costs, and be consistent with the 
enterprise’s long-term goals. Enterprises can also adopt diversified incentive methods to realize 
employees’ different needs and further stimulate innovation. 
 
5.2.2. Suggestions for the Government and Policymakers 

Enterprises in Western China face problems such as insufficient resource endowments and 
immature capital markets, which restrict the implementation of TI and executive incentives. 
Government support is crucial: R&D subsidies and tax incentives can reduce the R&D pressure of 
enterprises and improve the capital market infrastructure to create a mature environment for equity 
incentives. Relevant laws and regulations should be optimized; incentive plan design and 
implementation should be standardized; institutional risks should be reduced. The establishment of a 
special fund for SMEs and the promotion of industry-university-research cooperation can further 
promote innovation. Policymakers should explore diversified incentive forms, combine non-material 
incentives to improve corporate performance, and inject new impetus into the high-quality development. 
 

6. Conclusions 
This study combines SEM to analyze the interactive effects and path mechanisms of TI and 

executive incentives on the CFP in Western China. The study shows that TI significantly promotes 
CFP, and salary and equity incentives have positive and negative effects, respectively, revealing the 
differentiated applicability of enterprises in Western China in executive incentive design. However, the 
sample in this paper is mainly concentrated on A-share listed enterprises, which may ignore the 
situation of SMEs and non-listed enterprises, and does not fully consider the impact of external factors 
such as regional culture and policy environment. Future research can be extended to a wider range of 
samples, and the applicability of TI and incentive mechanisms at different stages of the enterprise life 
cycle can be explored from a dynamic perspective. Meanwhile, the specific path to optimize the design of 
equity incentives can be explored to provide more comprehensive theoretical support and practical 
guidance for the high-quality economic development of Western China. 
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